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1
DEVICE, METHOD, AND COMPUTER
READABLE MEDIUM FOR RESTORING AN
IMAGE

CROSS-REFERENCE TO RELATED
APPLICATIONS

The present application is a national stage application of
International Application No. PCT/IP2012/082592 entitled
“Information Processing Device and Information Processing
Method,” filed on Dec. 10, 2012, which claims the benefit of
priority from Japanese Patent Application No. 2011-271532,
filed on Dec. 12, 2011, the disclosures of which are incorpo-
rated herein in their entirety by reference thereto.

FIELD OF THE INVENTION

The present invention relates to an image processing device
which generates a restored image from a blurred image and an
image processing method.

BACKGROUND OF THE INVENTION

A super resolution technology is known as an example of a
technology to generate the restored image from the blurred
image. A method using a dictionary which learns cases in
which a low resolution image is associated with a high reso-
Iution image is especially called a learning based super reso-
Iution technology in the super resolution technology. One
example of the learning based super resolution technology is
described in non-patent document 1.

The learning based super resolution technology described
in non-patent document 1 performs the following method
(hereinafter, referred to as “super-resolution process™).

Namely, the super-resolution process receives an input
image which is a low resolution image.

Next, the super-resolution process increases the number of
pixels of the input image by an interpolation method and
generates a temporary high resolution image.

Further, the super-resolution process generates a low fre-
quency component from one increasing the number of pixels
of the input image.

The super-resolution process cuts out a low frequency
patch from the generated low frequency component and cal-
culates a low frequency feature quantity from the low fre-
quency patch.

The super-resolution process searches a predetermined
number of low frequency feature quantities from a dictionary
in order of increasing distance from the calculated low fre-
quency feature quantity, and reads the high frequency feature
quantity paired with the searched low frequency feature quan-
tity.

Then, the super-resolution process selects one high fre-
quency feature quantity on the basis of the distance at the time
of the search, a consistency with an adjacent high frequency
block, a co-occurrence probability of the low frequency fea-
ture quantity and the high frequency feature quantity sepa-
rately learned at a learning stage, or the like.

The technology described in non-patent document 1
reduces a memory amount and suppresses a calculation cost
by using a dictionary structure with one-to-many relation in
which the low frequency feature quantities that are mutually
similar to each other are aggregated to one representative.

[Non-patent document 1] Yasunori Taguchi, Toshiyuki
Ono, Takeshi Mita, Takashi Ida, “A Learning Method of Rep-
resentative Examples for Image Super-Resolution by Closed-
Loop Training”, The journal of the Institute of Electronics,
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Information and Communication Engineer D, Information
System, Vol. J92-D No. 6, pp. 831-842, Jun. 1, 2009.

SUMMARY OF THE INVENTION
Problems to be Solved by the Invention

However, the technology described in non-patent docu-
ment 1 has a problem in which restorative accuracy of the
high resolution image is not good necessarily.

The reason is because there is a case in which the technol-
ogy described in non-patent document 1 erroneously selects a
high resolution patch because of selecting a high resolution
patch on the basis of only a similarity of a low resolution patch
between the input image and learning data.

For this problem, a technology which selects the patch by
considering an adjacent similarity of the high resolution patch
in addition to the similarity of the low resolution patch can be
considered. However, this technology has a problem in which
the calculation cost increases.

An object of the present invention is to provide an image
processing device which solves the above-mentioned prob-
lem and an image processing method.

Means for Solving the Problem

In order to archive above-mentioned object, an image pro-
cessing device according to the present invention, which uses
a dictionary which stores data of two or over sets which
associate a blurred patch which is a patch of a blurred image
generated by blurring a predetermined image with a restora-
tion patch which is a patch of the predetermined image;
includes: a tentative restored image generation unit which
generates a tentative restored image from the restoration
patch selected based on values indicating similarities
between plural input patches generated by dividing an input-
ted input image and the blurred patch; tentative patch genera-
tion unit which generates a tentative patch by dividing the
tentative restored image; and restoration unit which generates
a restored image from the restoration patch selected based on
a sum of the value indicating the similarity between the input
patch and the blurred patch and a value indicating the simi-
larity between the tentative patch and the restoration patch.

And, in order to archive above-mentioned purpose, a com-
puter readable medium embodying a program, said program
causing an image processing device to perform a method, said
method includes: storing data of two or over sets which asso-
ciates a blurred patch which is a patch generated by blurring
a predetermined image with a restoration patch which is a
patch of the predetermined image; generating a tentative
restored image from the restoration patch selected based on
values indicating a similarities between plural input patches
generated by dividing an inputted input image and the blurred
patch; generating a tentative patch by dividing the tentative
restored image; and generating a restored image from the
restoration patch selected based on a sum of the value indi-
cating the similarity between the input patch and the blurred
patch and a value indicating the similarity between the tenta-
tive patch and the restoration patch.

And, in order to archive above-mentioned object, a pro-
gram causing a computer to execute processes, said processes
includes: storing data of two or over sets which associates a
blurred patch which is a patch generated by blurring a prede-
termined image with a restoration patch which is a patch of
the predetermined image; generating a tentative restored
image from the restoration patch selected based on values
indicating a similarities between plural input patches gener-
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ated by dividing an inputted input image and the blurred
patch; generating a tentative patch by dividing the tentative
restored image; and generating a restored image from the
restoration patch selected based on a sum of the value indi-
cating the similarity between the input patch and the blurred
patch and a value indicating the similarity between the tenta-
tive patch and the restoration patch

Effect of the Invention

According to the image processing device of the present
invention, the highly accurate restored image can be gener-
ated with reducing the calculation cost.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a block diagram showing an example of a con-
figuration of an image processing system according to a first
exemplary embodiment of the present invention.

FIG. 2 is a block diagram showing an example of a con-
figuration of a learning device according to the first exem-
plary embodiment.

FIG. 3 is a conceptual diagram for explaining a learning
phase according to the first exemplary embodiment.

FIG. 4 is a conceptual diagram for explaining a state in
which a dictionary according to the first exemplary embodi-
ment stores a patch pair.

FIG. 5 is a flowchart showing an example of operation of
the learning device according to the first exemplary embodi-
ment.

FIG. 6 is a block diagram showing an example of a con-
figuration of an image processing device according to the first
exemplary embodiment.

FIG. 7 is ablock diagram showing an example of a detailed
configuration of a tentative restored image generation unit
according to the first exemplary embodiment.

FIG. 8 is a conceptual diagram for explaining a restoration
phase according to the first exemplary embodiment.

FIG. 9 is a figure showing an example of a patch according
to the first exemplary embodiment.

FIG. 10 is a flowchart showing an example of operation of
the image processing device.

FIG. 11 is a block diagram showing an example of a con-
figuration of an image processing system according to a sec-
ond exemplary embodiment of the present invention.

FIG. 12 is a block diagram showing an example of a con-
figuration of a learning device according to the second exem-
plary embodiment of the present invention.

FIG. 13 is a conceptual diagram for explaining a learning
phase according to the second exemplary embodiment.

FIG. 14 is a conceptual diagram for explaining a state in
which a dictionary according to the second exemplary
embodiment stores plural patch pairs including a blur param-
eter.

FIG. 15 is a flowchart showing an example of operation of
the learning device.

FIG. 16 is a block diagram showing an example of a con-
figuration of an image processing device according to the
second exemplary embodiment.

FIG. 17 is a block diagram showing an example of a
detailed configuration of a tentative restored image genera-
tion unit according to the second exemplary embodiment.

FIG. 18 is a conceptual diagram for explaining a restora-
tion phase according to the second exemplary embodiment.

FIG. 19 is a flowchart showing an example of operation of
the image processing device.
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FIG. 20 is a block diagram showing an example of a con-
figuration of an image processing device according to a third
exemplary embodiment of the present invention.

FIG. 21 is a figure for explaining details of a restoration
unitand a display distinction unit according to the third exem-
plary embodiment.

FIG. 22 is a flowchart showing an example of operation of
the image processing device.

FIG. 23 is a block diagram showing an example of a con-
figuration of an image processing device according to a fourth
exemplary embodiment.

FIG. 24 is a flowchart showing an example of operation of
the image processing device according to the fourth exem-
plary embodiment.

FIG. 25 is a block diagram showing an example of a hard-
ware configuration of the image processing device according
to the exemplary embodiment and its peripheral device.

FIG. 26 is a figure for explaining a relation between an
image X and patches Y.

FIG. 27 is a figure for explaining an overlap area W of the
adjacent restoration patches Y.

EXEMPLARY EMBODIMENT OF THE
INVENTION

Next, exemplary embodiments according to the present
invention will be described in detail with reference to a draw-
ing.

First, for ease of understanding of the exemplary embodi-
ments of the present invention, the background of the present
invention will be described. In addition, in the following
explanation, although the super-resolution technology is
taken as an example, the present invention is not limited to the
super-resolution technology. The present invention can be
applied to, for example, a noise removal technology, an image
correction technology, a time resolution interpolating tech-
nology, a blur removal technology and all technologies for
generating a restored image from an input image with a poor
quality.

The learning based super resolution technology includes a
learning phase and a restoration phase.

The “learning phase” is a phase for learning plural cases
and creating a dictionary which includes a patch pair in each
case as dictionary data.

The “restoration phase” is a phase for searching from the
dictionary created in the learning phase, the most suitable
patch corresponding to a patch on input image (hereinafter,
referred to as an input patch) which is an object of image
processing, and generating the super-resolution image (the
restored image) by using a composition process. Here, gen-
erally, the input image is a poor quality image which is low
resolution, is mixed with noise, is partially destroyed, or is
partially lost.

Here, the “patch pair” is a pair with a patch of a high
resolution image and a patch of a low resolution image in a
predetermined case. The high resolution image (hereinafter,
referred to as a “learning image”) is the image corresponding
to the case. The low resolution image (hereinafter, referred to
as a “blurred image”) is an image which is generated by
blurring the high resolution image. Hereinafter, the patch of
the learning image (the high resolution image) is called a
“restoration patch”, and the patch of the blurred image (the
low resolution image) is called a “blurred patch”.

And, the “patch” is a small area image which is a partial
image of the object. For example, the patch is one (small area
image) generated by dividing the image of the object into
blocks.
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As a technology related to the present invention, for
example, the technology described in non-patent document 1
searches a blurred patch which is most similar to the patch
generated from the input image which is the object of the
super-resolution process among plural blurred patches stored
in the dictionary. The technology described in non-patent
document 1 generates the super-resolution image by selecting
a restoration patch which is paired with the searched blurred
patch and composing plural restoration patches which are
selected.

As the technology described in non-patent document 1,
when the restoration patch is selected on the basis of only the
similarity between the blurred patches of the input image and
the patch pair in the super-resolution process, an erroneous
selection of the restoration patch occurs easily.

The reason is because when the similarity between the
patches is judged in the super-resolution process, it may occur
that a low resolution level is similar but a high resolution lever
is not similar. For this reason, even if a more similar patch to
be paired exists in the high resolution level, a problem in
which another patch for the pair is selected occurs by consid-
ering only a similarity of low resolution level.

For this problem, there is a method of selecting patch by
considering the adjacent similarity of the restoration patch in
addition to the similarity of the blurred patch. Based on this
method, a risk of occurrence of erroneous selection is
reduced. But this method causes a problem in which a calcu-
lation cost increases.

FIG. 26 and FIG. 27 are figures for explaining the increase
of calculation cost when considering the adjacent similarity
of the restoration patch.

FIG. 26 is a figure for explaining a relation between an
image X and patches Y.

As shown in FIG. 26, the patch Y is the small area image of
one certain image X. As shown in FIG. 26, for example, the
patches Y are respectively constructed by 25 pixels Z of 5
pixels length times 5 pixels width. Here, for example, the
patch Y is the restoration patch.

FIG. 27 is a figure for explaining an overlap area W of the
adjacent restoration patches Y.

As shown in FIG. 27, the restoration patch Y1 and the
restoration patch Y2 which is adjacent patch to Y1 are adja-
cent with partially overlap each other. When a difference
between the pixel values in the overlap area W is small, it can
be said that two patches are adjacent to each other smoothly.

Here, it is temporarily assumed that K pairs of the blurred
patch and the restoration patch are stored in the dictionary for
storing learning data. In this case, because the number of the
patterns of the restoration patch Y1 is K and the number of the
patterns of the adjacent restoration patch Y2 is K, the number
of calculations of the adjacent similarity for the restoration
patch is calculation of the large number of the patterns as total
“KxK” patterns. For this reason, it makes cost huge and is not
realistic that the adjacent similarity of the restoration patch is
calculated for all the patterns.

An exemplary embodiment of the present invention
described below can generate a highly accurate restored
image with reducing calculation cost because it can acquire
similar effect in case considering the adjacent similarity of the
restoration patch in addition to the similarity of the blurred
patch.

In addition, in FIG. 26 and FIG. 27, though an example in
which one patch is constructed by 25 pixels and an adjacent
patch is arranged with shifted 3 pixels is shown, this example
is not limited the scope of the present invention. The patch of
the present invention may be constructed by 36 pixels of 6
times 6 pixels, or not only this but it may be constructed of
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optional number of pixels. And, the adjacent patch of the

present invention may be arranged with shifted 1 pixel, or not

only this but it may be arranged with sifted optional number.
<First Exemplary Embodiment>

FIG. 1 is a block diagram showing an example of a con-
figuration of an image processing system 1000 according to a
first exemplary embodiment of the present invention.

As shown in FIG. 1, the image processing system 1000
according to the first exemplary embodiment includes a learn-
ing device 100, a dictionary 200, and an image processing
device 300.

The learning device 100 receives a learning image and
performs the learning phase.

The dictionary 200 stores patch pairs generated in the
learning phase.

The image processing device 300 receives the input image,
performs the restoration phase by using the dictionary 200,
and outputs the restored image.

Hereinafter, the first exemplary embodiment will be
described by dividing the learning phase and the restoration
phase performed.

(Learning Phase)

The learning phase according to the first exemplary
embodiment of the present invention will be described with
reference to FIGS. 2 to 5.

FIG. 2 is a block diagram showing an example of a con-
figuration of the learning device 100.

As shown in FIG. 2, the learning device 100 includes a
reception unit 110, a blurred image generation unit 120, a
patch pair generation unit 130 and a registration unit 140.

The learning device 100 performs the learning phase and
makes the dictionary 200.

The reception unit 110 receives the learning image from
outside. The reception unit 110 outputs the learning image
received from the outside to the blurred image generation unit
120 and the patch pair generation unit 130.

The blurred image generation unit 120 performs a blurring
process to the learning image outputted from the reception
unit 110, and generates the blurred image.

The blurred image generation unit 120 may perform plural
blurring processes to the learning image outputted from the
reception unit 110, and generate plural blurred images.

The blurred image generation unit 120 may perform plural
different blurring processes to the learning image, and gen-
erate plural blurred images.

The blurred image generation unit 120 may generate the
blurred image by using at least one among a size reduction
process, a lightness reducing process, a high frequency com-
ponent eliminating process, and a posture changing process to
the learning image outputted from the reception unit 110.

The blurred image generation unit 120 may reduce the size
of'the learning image received from the reception unit 110, for
example, to one N-th of its size, and generate the blurred
image (“N”is a predetermined natural number). For example,
an algorithm for reducing the size of the image may use the
nearest neighbor method which has relatively large image
quality degradation. Alternatively, for example, an algorithm
for reducing the size of the image may use a bilinear method
or a bicubic method.

For example, the blurred image generation unit 120 may
eliminate the high frequency component of the learning
image, increase a degree of blur, and generate the blurred
image.

For example, the blurred image generation unit 120 may
change the posture of the learning image by tilting it, and
generate the blurred image.
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The blurred image generation unit 120 may decrease the
lightness by decreasing the brightness value of the learning
image, and generate the blurred image.

The blurred image generation unit 120 may generate the
blurred image by using the various conventional methods.

The blurred image generation unit 120 outputs the blurred
image generated from the learning image to the patch pair
generation unit 130.

The patch pair generation unit 130 receives the learning
image from the reception unit 110, and receives the blurred
image of the learning image from the blurred image genera-
tion unit 120. The patch pair generation unit 130 generates
plural patch pairs at a position where the learning image and
the blurred image correspond.

The patch pair generation unit 130 may generate plural
pairs (“patch pairs”) of the restoration patches and the blurred
patches by using a conventional method.

The patch pair generation unit 130 outputs plural generated
patch pairs to the registration unit 140.

In addition, the reception unit 110 of the learning device
100 may receive both the learning image and the blurred
image which is paired with the learning image from outside.

For example, the learning device 100 may generate the
image taken by a camera which can take a high resolution
image as the learning image, and generate the image taken by
a low performance camera as the blurred image.

Alternatively, the blurred image may be an image taken
under an out-of-focus condition intentionally or an image
taken with setting an exposure time to improper. Alterna-
tively, the blurred image may be an image taken with shaking
a camera. The blurred image may be an image taken under
other bad conditions

When receiving the blurred image from outside, the learn-
ing device 100 may not include the blurred image generation
unit 120. In this case, the patch pair generation unit 130
receives the learning image and the blurred image from the
reception unit 110.

The registration unit 140 is supplied plural patch pairs from
the patch pair generation unit 130. The registration unit 140
registers the plural patch pairs in the dictionary 200.

The dictionary 200 stores the plural patch pairs generated
by the learning device 100.

FIG. 3 is a conceptual diagram for explaining the learning
phase according to the first exemplary embodiment.

As shown in FIG. 3, the learning device 100 registers the
patch pair at a position where a learning image 10 and a
blurred image 20 correspond in the dictionary 200.

FIG. 4 is a conceptual diagram for explaining a state in
which the dictionary 200 stores the patch pair.

As shown in FIG. 4, the dictionary 200 stores restoration
patches 201(1), 201(2), 201(3), . . ., 201(n-1), and 201(»).
And, the dictionary 200 stores the blurred patches 202(1),
202(2), 202(3), . . ., 202(n-1), and 202(») corresponding to
the restoration patch 201. Namely, the dictionary 200 stores
the patch pairs 203(1), 203(2), 203(3), . . ., 203(n-1), and
203(n) which are the pairs of the restoration patch 201 and the
blurred patch 202. Here, n is a natural number.

A method for storing the patch pair in the dictionary 200 is
not limited to a method which stores each patch associated
with as shown in FIG. 4. For example, the dictionary 200 may
store the restored image as not patch but one image, and store
an index that indicates which area of the restored image
associates with each blurred patch as the learning data. Alter-
natively, the dictionary 200 may store the patch pair by using
other method. In this case, the structure of the patch may be
compatible with the method for storing the patch pair in the
dictionary 200.
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Next, the operation of the learning device 100 will be
described with reference to the drawing.

FIG. 5 is a flowchart showing an example of the operation
of'the learning device 100.

The reception unit 110 receives the learning image from
outside (Step Al).

The blurred image generation unit 120, for example,
reduces the learning image outputted from the reception unit
110 to one N-th of its size, and generates the blurred image
(Step A2).

The patch pair generation unit 130 generates the patch pair
at a position where the learning image and the blurred image
correspond, and outputs it to the registration unit 140 (Step
A3).

The registration unit 140 registers the patch pair in the
dictionary 200 (Step A4).

The above is the explanation of the operation of the learn-
ing device 100 which creates the dictionary 200.

(Restoration Phase)

The restoration phase according to the first exemplary
embodiment will be described with reference to FIGS. 6 to
10.

FIG. 6 is a block diagram showing an example of a con-
figuration of the image processing device 300.

As shown in FIG. 6, the image processing device 300
includes a tentative restored image generation unit 310, a
tentative patch generation unit 320, and a restoration unit 330.
The image processing device 300 performs the restoration
phase by using the dictionary 200.

FIG. 7 is a block diagram showing an example of a detailed
configuration of the tentative restored image generation unit
310.

As shown in FIG. 7, the tentative restored image generation
unit 310 includes a reception unit 311, a patch generation unit
312, a selection unit 313, and a composition unit 314.

The tentative restored image generation unit 310 receives
the input image which is an object of the image processing
from outside, performs the image processing of the input
image, and generates a tentative restored image (hereinafter,
referred to as a “tentative restored image”). Specifically, the
tentative restored image generation unit 310 selects the res-
toration patch based on the similarities between plural
patches (the input patches) generated by dividing the input
image into blocks and the blurred patch stored in the dictio-
nary 200. Next, the tentative restored image generation unit
310 composes the plural selected restoration patches, and
generates the tentative restored image. The detailed explana-
tion about the similarity between the input patch and the
blurred patch will be described later.

The reception unit 311 receives the input image which is
the object of the image processing from outside. The recep-
tion unit 311 may connect to a network and receive the input
image, may read the input image from a memory storing the
input image and receive the input image, and is not limited
about receiving figure. The reception unit 311 outputs the
received input image to the patch generation unit 312.

The patch generation unit 312 divides the input image
outputted from the reception unit 311 into blocks, and gener-
ates plural patches (the input patches). The patch generation
unit 312 outputs the generated plural input patches to the
selection unit 313. And, the patch generation unit 312 outputs
the generated plural input patches to the restoration unit 330
shown in FIG. 6. The operation of the restoration unit 330 will
be described later.

The selection unit 313 is supplied plural patches from the
patch generation unit 312. The selection unit 313 selects the
restoration patch for each input patch from among the patch
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pairs stored in the dictionary 200 based on a value (hereinaf-
ter, referred to as a “blur similarity value”) which indicates
the similarity between the input patch and the blurred patch in
the dictionary 200. The selection unit 313 outputs the selected
restoration patch to the composition unit 314. Details of the
similarity between two patches will be described in the expla-
nation for FIG. 9 later.

The composition unit 314 composes the restoration
patches outputted from the selection unit 313, and generates
the tentative restored image.

The configuration of the image processing device 300
shown in FIG. 6 will be described further.

The tentative restored image generation unit 310 outputs
the generated tentative restored image to the tentative patch
generation unit 320.

The tentative patch generation unit 320 divides the tenta-
tive restored image outputted from the tentative restored
image generation unit 310 into blocks, and generates plural
patches. The tentative patch generation unit 320 outputs the
patches (hereinafter, referred to as a “tentative patch”) gen-
erated from the tentative restored image to the restoration unit
330.

The restoration unit 330 is supplied the tentative patches
from the tentative patch generation unit 320. The restoration
unit 330 newly selects the restoration patch again by consid-
ering a value (hereinafter, referred to as a “restoration simi-
larity value”) which indicates the similarity between the ten-
tative patch and the restoration patch in the dictionary 200 in
addition to the blur similarity value. Namely, the restoration
unit 330 newly selects the restoration patch again based on a
value which composes the blur similarity value and the res-
toration similarity value, and updates the tentative restored
image by using the restoration patch selected again. As the
value integrating the blur similarity value and the restoration
similarity value, for example, the restoration unit 330 may use
a sum of these values, an integrated value of these values, or
the like.

The restoration unit 330 repeats the update of the tentative
restored image based on the sum of the blur similarity value
and the restoration similarity value, and outputs the tentative
restored image to the outside as the restored image when the
update of the tentative restored image does not disappear. In
addition, the restoration unit 330 may output the tentative
restored image to the outside as the restored image after
predetermined number of the update rather than may repeat
the update of the tentative restored image based on the sum of
the blur similarity value and the restoration similarity value
until the update of the tentative restored image does disap-
pear. The number of repeating times of update may be set to
a fixed number in advance or may be set based on a user’s
input.

FIG. 8 is a conceptual diagram for explaining the restora-
tion phase.

As shown in FIG. 8, the image processing device 300
selects a restoration patch 201 by considering the similarity
between the input patch 31 of the input image 30 and the
blurred patch 202 in the dictionary 200 and the similarity
between the tentative patch 43 of the tentative restored image
42 and the restoration patch 201 in the dictionary 200.

Next, the similarity between two patches (for example, the
input patch and the blurred patch) will be described.

FIG. 9 is a figure showing an example of a patch 50.

As shown in FIG. 9, for example, the patch 50 includes
pixels 51 which has the pixel values of plural pixels 52 as
elements and is a multi-dimensional vector. In addition, the
patch 50 is a concept including the restoration patch, the
blurred patch, the input patch and the tentative patch.
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And, the pixel value may be a brightness value, or is not
limited to this value.

In case of the brightness value, the value indicating the
similarity between two patches may be a value based on the
difference of the brightness values of the pixels between two
patches. For example, the value indicating the similarity
between two patches may be a value based on a SSD (Sum of
Square Distance) which is a sum of squares of the difference
of the brightness values of the pixels between the patches.
Alternatively, the value indicating the similarity between two
patches may be a value based on a SAD (Sum of Absolute
Distance) which is a sum of absolute value of the difference of
the brightness values of the pixels between two patches.

Besides, for example, the value indicating the similarity
between two patches may be a value based on an angle
between two feature vectors.

Alternatively, the value indicating the similarity between
two patches may be a value calculated by using a normalized
cross-correlation function. Alternatively, the similarity may
be a value calculated based on a brightness gradient of the
patch. Alternatively, the similarity may be used a value cal-
culated from a distance of the histogram after making a value
of the brightness or a value of the brightness gradient a his-
togram.

However, the value indicating the similarity between two
patches is not limited to these values.

Namely, the similarity between two patches is the similar-
ity between the images represented by the respective pixels of
two patches.

For example, when the value indicating the similarity
between two patches is a value subtracting the SSD or the
SAD of'the brightness value from a specific constant, the sum
of'the blur similarity value and the restoration similarity value
mentioned above is a value subtracting the sum of the SSD
value or the SAD value of the brightness value between the
patches which are the input patch and the blurred patch and
the SSD value or the SAD value of the brightness value
between the patches which are the tentative patch and the
restoration patch from a value which is twice the above-
mentioned specific constant. The restoration unit 330 newly
selects the restoration patch whose value is maximum
(namely, the above-mentioned sum of the SSD value or the
sum of the SAD value is minimum) from the dictionary 200
again. Then, the restoration unit 330 updates the tentative
restored image by using the restoration patch which is newly
selected for each tentative patch.

Next, the operation of the image processing device 300 will
be described in detail with reference to the drawing.

FIG. 10 is a flowchart showing an example of the operation
of the image processing device 300.

The reception unit 311 receives the input image which is an
object of the image processing from outside (Step B1).

The patch generation unit 312 divides the input image
outputted from the reception unit 311 into blocks, and gener-
ates plural patches (input patches) (Step B2). For example,
the patch generation unit 312 may use an area constructed of
25 pixels of 5 pixels length times 5 pixels width as a patch unit
of the input patch. In this case, the patch generation unit 312
may generate the input patch by such relation in which an
adjacent patch shifts 1 pixel to the input image. In addition,
the number of pixels of area of the patch or the relation of
adjacent patch is not limited to these. For example, the patch
generation unit 312 may generate the input patch as a patch
which has a relation in which an adjacent patch shifts 3 pixels.
In addition, as the number of sifted pixel between the input
image and the adjacent patch of'it is smaller (the overlap area
between it and the adjacent patches of it is larger), the image
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processing device 300 can perform the more accurate com-
position process for generating the restored image.

The selection unit 313 searches the blurred patch which is
the most similar to the input patch based on the blur similarity
value between the input patch and the blurred patch in the
dictionary 200, and selects the restoration patch which is
paired with the most similar blurred patch (Step B3). For
example, the selection unit 313 may search the blurred patch
of which a value acquired by subtracting the above-men-
tioned SSD value or the SAD value from the specific constant
is maximum value to the input patch from the dictionary 200,
select the restoration patch corresponding to the blurred patch
which is searched, and output it. The image processing device
300 repeats Step B3 for all the input patches generated from
the input image.

In addition, in the above-mentioned explanation for Step
B3, although it is assumed that the blurred patch which is
most similar to the input patch is searched, the operation of
Step B3 is not limited to this operation. For example, the
selection unit 313 may compose plural restoration patches in
order of similarity from the most similar patch, and generate
the new restoration patch. In addition, a process for “compos-
ing the images (patches)” may be a process for “calculating an
average of the pixel values of all the images (patches) which
are objects of composition”.

Next, the composition unit 314 composes the plural resto-
ration patches outputted by the selection unit 313, and gen-
erates the tentative restored image (Step B4). Here, the “com-
position” may be a process for calculating an average of the
pixel values as mentioned above. Specifically, the “composi-
tion” may be a process for calculating an average of the pixel
values of all the overlapped restoration patches about the
overlap area when all the restoration patches are arranged at
the positions which are relatively same positions of the input
patches corresponding to each.

The tentative patch generation unit 320 divides the tenta-
tive restored image outputted from the tentative restored
image generation unit 310 into blocks, and generates the
plural tentative patches (Step B5). The tentative patch gen-
eration unit 320 may generate the tentative patch according to
a ratio of the size of the input image to the size of the tentative
restored image. For example, a case in which the input patch
is generated with relation shifted 1 pixel from the adjacent
patch and the size of the tentative restored image is five times
of the size of the input image is assumed. In this case, the
tentative patch may be generated with relation shifted 5 pixels
from adjacent patch.

The restoration unit 330 newly selects the restoration patch
from the dictionary 200 again based on the sum of the blur
similarity value and the restoration similarity value (Step B6).
In functionally other words, after the restoration unit 330
considers the restoration similarity value to the tentative
restored image generated by the restoration similarity value
again, it selects the restoration patch which is considered
more appropriate as the restored image again. The restoration
unit 330 repeats the process of Step B6 to all the tentative
patches. In addition, the restoration unit 330 does not update
with the area where the same restoration patch is selected by
considering the restoration similarity value.

The restoration unit 330 newly selects the restoration patch
again, and generates (updates) the tentative restored image by
using the restoration patch which is newly selected (Step B7).
The restoration unit 330 may update the tentative restored
image by newly selecting the restoration patch again to all the
tentative patches and performing the composition process
finally. Alternatively, the restoration unit 330 may update the
tentative restored image by using a local method by which the
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restoration patch is replaced whenever the restoration patch is
newly selected again to one tentative patch.

The restoration unit 330 judges whether or not the tentative
restored image is changed based on the process for newly
selecting the restoration patch from the tentative patch (Step
BS).

When judging that the change is performed (YES in Step
B8), the restoration unit 330 newly generates the tentative
patch, and repeats the process for updating the tentative
restored image (Step B5, Step B6, Step B7, and Step BS).

In addition, the restoration unit 330 may judge the number
of' update times of the tentative restored image based on the
process for newly selecting the restoration patch from the
tentative patch (Step B8). Then, when the number of update
times is equal to or less than a predetermined number of times,
the restoration unit 330 may newly generate the tentative
patch and repeat the process for updating the tentative
restored image (Step B5, Step B6, Step B7, and Step B8). The
number of repeating times of update may be set to a prede-
termined number of times in advance or, the number of
repeating times of update may be set based on a user’s input.

In step B8, when judged that the change is not performed
(NO in Step B8), the restoration unit 330 outputs the latest
tentative restored image as the restored image (Step B9).

In addition, when the number of update times is equal to a
predetermined number of times, the restoration unit 330 may
output the latest tentative restored image as the restored
image (Step B9).

The above is the explanation of the operation of the image
processing device 300.

As explained above, because the image processing system
1000 according to the first exemplary embodiment can have
similar effects in the case considering the adjacent similarity
of the restoration patch in addition to the similarity of the
blurred patch. Therefore, it can generate the highly accurate
restored image with reducing the calculation cost.

The reasons are as follows. The image processing system
1000 selects a more similar patch again based on the similar-
ity with the restoration patch to the restored image generated
tentatively. Based on this operation, the image processing
system 1000 can have same effects in the case considering the
adjacent similarity of the restoration patch.

Alternatively, the calculation cost of the process for calcu-
lating the similarity with the restoration patch is less than that
of the process for calculating the adjacent similarity of the
restoration patch.

<Second Exemplary Embodiment>

FIG. 11 is a block diagram showing an example of a con-
figuration of an image processing system 2000 according to a
second exemplary embodiment of the present invention.

As shown in FIG. 11, the image processing system 2000
according to the second exemplary embodiment includes a
learning device 400, a dictionary 250, and an image process-
ing device 500.

The learning device 400 performs the learning phase in a
mode including the blur parameter of the learning image
unlike the learning device 100.

The dictionary 250 further stores the blur parameter unlike
the dictionary 200.

The image processing device 500 performs the restoration
phase by considering the similarity of the blur parameter
unlike the image processing device 300.

Hereinafter, a difference between the first exemplary
embodiment and the second exemplary embodiment will be
described by dividing the learning phase and the restoration
phase. In addition, the same reference numbers are assigned



US 9,317,905 B2

13

for the elements having the same function as the first exem-
plary embodiment and the explanation will be omitted.

(Learning Phase)

The learning phase according to the second exemplary
embodiment of the present invention will be described with
reference to FIGS. 12 to 15.

FIG. 12 is a block diagram showing an example of a con-
figuration of the learning device 400.

As shown in FIG. 12, the learning device 400 includes the
reception unit 110, a blurred image generation unit 420, a
patch pair generation unit 430 and a registration unit 440. The
learning device 400 performs the learning phase and makes
the dictionary 250.

The blurred image generation unit 420 performs one or
more blurring processes to the learning image outputted from
the reception unit 110, and generates one or more blurred
images. The blurred image generation unit 420 may perform
plural different blurring processes to the learning image, and
generate plural blurred images. The blurred image generation
unit 420 may blur the learning image by using the various
conventional methods. The blurring process may be a process
in which a scale factor of the image, a degree of blur or a
change of posture or lightness.

For example, the blurred image generation unit 420 may
reduce the inputted learning image to one N-th of'its size, and
generate the blurred image. When reducing the learning
image to one N-th of its size, it depends on a size reduction
technology which pixel remains.

For example, the blurred image generation unit 420 may
generate the blurred image by eliminating the high frequency
component of the learning image for increasing the degree of
blur.

Alternatively, the blurred image generation unit 420 may
generate the blurred image based on a posture change in
which the learning image is tilted. Specifically, for example,
the blurred image generation unit 420 may change the posture
of the learning image by performing a process in which the
learning image arranged on an xy coordinate system is tilted
or rotated about the axis, and generate the blurred image.

Alternatively, the blurred image generation unit 420 may
change lightness by increasing or decreasing the brightness
value of the learning image, and generate the blurred image.

The blurred image generation unit 420 outputs one or over
blurred images generated from the learning image to the
patch pair generation unit 430 together with the blur param-
eter indicating a blurred status of the image. Here, the blur
parameter may be a parameter which represents a numerical
value of a scaling factor of the image, a degree of blur, a
change of posture or lightness for each area of the image.

The patch pair generation unit 430 is supplied the leaning
image from the reception unit 110 and one or over blurred
images and the blur parameter of each blurred image from the
blurred image generation unit 420. The patch pair generation
unit 430 generates plural patch pairs by using a same process
of the patch pair generation unit 130. The patch pair genera-
tion unit 430 make plural generated patch pairs include the
blur parameter of the blurred patch, and outputs them to the
registration unit 440.

The registration unit 440 registers the plural patch pairs
including the blur parameter corresponding to the blurred
patch in the dictionary 250.

The dictionary 250 stores the plural patch pairs which
include the blur parameter corresponding to the blurred patch
and are generated by the learning device 400.

FIG. 13 is a conceptual diagram for explaining the learning
phase according to the second exemplary embodiment.
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As shown in FI1G. 13, the learning device 400 generates the
blurred image 20 of various variations from the learning
image 10, and registers the patch pair in the dictionary 250. In
FIG. 13, blur 1, blur 2, blur 3 and blur 4 represent variation of
the blurring processes.

FIG. 14 is a conceptual diagram for explaining a state in
which the dictionary 250 stores the plural patch pairs includ-
ing the blur parameter. As shown in FIG. 14, the dictionary
250 stores the blur parameters 204(1), 204(2), 204(3), . . .,
204(n-1) and 204(z) other than the contents stored in the
dictionary 200. The dictionary 250 stores the patch pairs
205(1), 205(2), 205(3), . . ., 205(n-1), and 205(») including
the blur parameter. Here, n is a natural number.

FIG. 15 is a flowchart showing an example of the operation
of'the learning device.400.

As shown in FIG. 15, after Step Al, the blurred image
generation unit 420 performs one or over blurring processes
to the learning image outputted from the reception unit 110,
and generates one or over blurred images (Step A5).

The patch pair generation unit 430 generates the plural
patch pairs including the blur parameter, and outputs them to
the registration unit 440 (Step A6).

The registration unit 440 registers the plural patch pairs
including the blur parameter in the dictionary 250 (Step A7).

As described above, the dictionary 250 is generated based
on the learning phase.

(Restoration Phase)

The restoration phase in the second exemplary embodi-
ment of the present invention will be described with reference
to FIGS. 16 to 19.

FIG. 16 is a block diagram showing an example of the
configuration of the image processing device 500.

As shown in FIG. 16, the image processing device 500
includes a tentative restored image generation unit 510, a
tentative patch generation unit 520, and a restoration unit 530.
The image processing device 500 performs the restoration
phase by considering the similarity of the blur parameter by
using the dictionary 250.

The tentative restored image generation unit 510 generates
the tentative restored image including the blur parameter as
an image by using the information on the blur parameter of
the blurred patch stored in the dictionary 250.

FIG. 17 is a block diagram showing an example of a
detailed configuration of the tentative restored image genera-
tion unit 510.

As shown in FIG. 17, the tentative restored image genera-
tion unit 510 includes the reception unit 311, the patch gen-
eration unit 312, a selection unit 513 and a composition unit
514. The tentative restored image generation unit 510 gener-
ates the tentative restored image including the blur parameter
by using the dictionary 250.

The selection unit 513 receives plural input patches from
the patch generation unit 312. The selection unit 513 selects
the restoration patch and the corresponding blur parameter
for each input patch from the data of the patch pair stored in
the dictionary 250 based on the blur similarity value. The
selection unit 513 outputs the plural restoration patches and
the corresponding blur parameters which are selected to the
composition unit 514.

The composition unit 514 composes the plural restoration
patches outputted from the selection unit 513, and generates
the tentative restored image. At this time, the composition
unit 514 composes the plural blur parameters corresponding
to each restoration patch, and generates the tentative restored
image having the blur parameter.

The configuration of the image processing device 500
shown in FIG. 16 will be described further.
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The tentative restored image generation unit 510 outputs
the tentative restored image having the generated blur param-
eter to the tentative patch generation unit 520.

The tentative patch generation unit 520 divides the tenta-
tive restored image outputted from the tentative restored
image generation unit 510 into blocks, and generates plural
tentative patches having the blur parameter. The tentative
patch generation unit 520 outputs the tentative patch having
the blur parameter to the restoration unit 530.

The restoration unit 530 newly selects the restoration patch
again based on a value (hereinafter, referred to as a “blur
parameter similarity value”) which indicates the similarity
between the blur parameter of the tentative patch and the blur
parameter of the blurred patch in the dictionary 250 in addi-
tion to the blur similarity value and the restoration similarity
value. Namely, the restoration unit 530 newly selects the
restoration patch again based on the sum of the blur similarity
value, the restoration similarity value and the blur parameter
similarity value, and updates the tentative restored image by
using the restoration patch which is selected again. In addi-
tion, at this time, the restoration unit 530 updates the tentative
restored image in a mode including the blur parameter.

For example, a method for calculating the blur parameter
similarity value may be the following method.

For example, it is assumed that the blur parameter of each
patch is constructed as a parameter group which has plural
blur parameters (a scaling factor, lightness and the like) as a
vector. In this case, the value indicating the similarity of the
blur parameters between two patches may be a value based on
a difference of the blur parameters between patches.

For example, the value indicating the similarity of the blur
parameter between two patches may be a value calculated as
follows.

First, the restoration unit 330 calculates the absolute value
of' the difference of the blur parameters between the patches.
Next, the restoration unit 530 substitutes the absolute value of
the difference of the parameter for a function which becomes
a nonzero value when the value is equal to or greater than a
constant value. Lastly, the restoration unit 530 should assume
the sum of'the function values calculated for each blur param-
eter as the similarity. For example, the restoration unit 530
may use a sigmoid function which makes the difference of the
blur parameters between the patches an argument as the func-
tion which becomes a nonzero value when the value is equal
to or greater than a constant value.

Alternatively, the value indicating the similarity of the blur
parameter between two patches may be a value calculated by
using a same method as a value calculating the similarity
between patches explained by using FIG. 9 in the first exem-
plary embodiment.

For example, the value indicating the similarity of the blur
parameters between two patches may be a value based on the
difference of the blur parameters between the patches. Alter-
natively, the value indicating the similarity of the blur param-
eters between two patches may be a value based on the SSD
which is a sum of squares of the differences of the blur
parameters between the patches. Alternatively, the value indi-
cating the similarity of the blur parameters between two
patches may be a value based on the SAD which is an absolute
value sum of the differences of the blur parameters between
the patches. Alternatively, the value indicating the similarity
of the blur parameters between two patches may be an angle
between two vectors indicating two blur parameters. Alterna-
tively, the value indicating the similarity of the blur param-
eters between two patches may be a value calculated based on
the normalized cross-correlation function. However, the
value indicating the similarity of the blur parameters between
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two patches is not limited to these values. Alternatively, the
similarity may be a value calculated based on a brightness
gradient of the patch. Alternatively, the similarity may use a
value calculated from a distance of the histogram after mak-
ing a value of brightness or a value of the brightness gradient
a histogram.

The restoration unit 530 repeats the update of the tentative
restored image based on the sum of the blur similarity value,
the restoration similarity value and the blur parameter simi-
larity value, and outputs the tentative restored image as the
restored image when a change of the tentative restored image
does not disappear.

Alternatively, the restoration unit 530 may output the ten-
tative restored image in the stage when the update of the
tentative restored image based on the sum of the blur similar-
ity value, the restoration similarity value and the blur param-
eter similarity value is repeated by the predetermined number
of times to outside as the restored image.

FIG. 18 is a conceptual diagram for explaining the resto-
ration phase according to the second exemplary embodiment.

FIG. 18 separately shows an image represented by the blur
parameter about the tentative restored image 42. As shown in
FIG. 18, the image processing device 500 selects the restora-
tion patch by considering the similarity between the tentative
patch of the tentative restored image 42 and the restoration
patch in the dictionary 200 and the similarity of the blur
parameters in addition to the similarity between the input
patch of the input image 30 and the blurred patch in the
dictionary 200.

FIG. 19 is a flowchart showing an example of the operation
of the image processing device 500.

As shown in FIG. 19, after Step B1 and Step B2, the
selection unit 513 searches the blurred patch which is most
similar to the input patch based on the blur similarity value,
and selects the restoration patch paired with the most similar
blurred patch and the blur parameter (Step B10). Step B10 is
repeated for all the input patches.

The composition unit 514 composes the plural restoration
patches and the blur parameter which are outputted from the
selection unit 513, and generates the tentative restored image
having the blur parameter (Step B11).

The tentative patch generation unit 520 divides the tenta-
tive restored image which includes the blur parameter and is
outputted from the tentative restored image generation unit
510 into blocks, and generates plural tentative patches having
the blur parameter (Step B12).

The restoration unit 530 newly selects the restoration patch
again based on the sum of the blur similarity value, the res-
toration similarity value and the blur parameter similarity
value (Step B13). In other words, the restoration unit 530
selects the restoration patch which is considered as the more
appropriate restored image again by considering the restora-
tion similarity and the similarity of the blur parameter again to
the tentative restored image generated by considering the blur
similarity. The process of Step B13 is repeated to all the
tentative patches.

In addition, the restoration unit 530 does not update with
the area where the same restoration patch is selected by con-
sidering the restoration similarity value and the blur param-
eter similarity value.

The restoration unit 530 newly selects the restoration patch
again, and generates (updates) the tentative restored image
having the blur parameter by using the restoration patch
which is selected again (Step B14).

The restoration unit 530 judges whether or not the tentative
restored image is changed based on the process for selecting
the restoration patch from the tentative patch newly. At this
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time, the restoration unit 530 may judge whether or not the
blur parameter of the tentative restored image is changed
(Step B15).

When judged that the change is performed, the restoration
unit 530 newly generates the tentative patch, and repeats the
process for updating the tentative restored image (Step B12,
Step B13, Step B14 and Step B15).

Alternatively, the restoration unit 530 may judge the num-
ber of update times of the tentative restored image based on
the process for selecting the restoration patch from the tenta-
tive patch newly (Step B15). In the judgment of the number of
update times, when the number of update times is equal to or
less than a predetermined number of times, the restoration
unit 530 may newly generate the tentative patch, and repeat
the process for updating the tentative restored image (Step
B12, Step B13, Step B14 and Step B15). The number of
repeating times of update may be set to a predetermined
number of times in advance. Alternatively, the number of
repeating times of update may be set based on a user’s input.

In Step B15, when judged that the change is not performed,
the restoration unit 530 outputs the latest tentative restored
image as the restored image (Step B9). Alternatively, in Step
B15, when the number of update times is equal to a predeter-
mined number of times, the restoration unit 530 may output
the latest tentative restored image as the restored image (Step
B9).

In Step B15, when judged that the change is not performed,
the restoration unit 530 outputs the latest tentative restored
image as the restored image (step B9).

As explained above, the image processing system 2000
according to the second exemplary embodiment can generate
the more highly accurate restored image.

The reason is because the restoration patch is selected
again by considering the similarity of the blur parameter in
addition to the similarity between the tentative patch and the
restoration patch at the time of update of the tentative restored
image.

<Third Exemplary Embodiment>

A third exemplary embodiment of the present invention
will be described with reference to FIGS. 20 to 22. The third
exemplary embodiment of the present invention is difference
from the first exemplary embodiment or the second exem-
plary embodiment in the point in which the image processing
device 300 or the image processing device 500 is an image
processing device 600.

Hereinafter, though an aspect which replaces the image
processing device 300 according to the first exemplary
embodiment with the image processing device 600 will be
described, this exemplary embodiment is not limited to this
aspect. This exemplary embodiment may replace the image
processing device 500 according to the second exemplary
embodiment with the image processing device 600.

FIG. 20 is a block diagram showing an example of the
configuration of the image processing device 600 according
to the third exemplary embodiment of the present invention.

As shown in FIG. 20, the image processing device 600
includes a restoration unit 630 instead of the restoration unit
330 and further includes a display distinction unit 640 com-
pared with the image processing device 300 shown in FIG. 6.

The restoration unit 630 newly selects the restoration
patch, and generates the restored image to an area where a
value indicating the similarity between the tentative patch and
the restoration patch is a value which indicates that the simi-
larity between the tentative patch and the restoration patch is
low. The restoration unit 630 outputs the generated restored
image to the display distinction unit 640.
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The display distinction unit 640 is supplied the restored
image from the restoration unit 630. The display distinction
unit 640 gives information (hereinafter, referred to as “dis-
tinction information”) by which the area in which the value
indicating the similarity between the tentative patch and the
restoration patch is low can be distinguished from other areas
to the restored image. The display distinction unit 640 outputs
the restored image having the distinction information to out-
side.

FIG. 21 is a figure for explaining details of the restoration
unit 630 and the display distinction unit 640.

FIG. 21 shows the area where the restoration similarity
value is low in the tentative restored image 42. The low
restoration similarity value means that a reliability of the
restoration accuracy is low. Accordingly, hereinafter, the area
where the restoration similarity value is low is called a “low
reliance area 60”.

The restoration unit 630 does not select the restoration
patch again to all the tentative patches but selects the resto-
ration patch again to the tentative patch included in a low
reliability area 60.

First, the restoration unit 630 calculates a value indicating
the similarity between the tentative patch and the restoration
patch, namely the restoration similarity value, to all the ten-
tative patches. When the restoration unit 630 calculates the
restoration similarity values to all the tentative patches, it
judges the areca where the restoration similarity value is low.
Specifically, the restoration unit 630 may judge the patch area
in which the restoration similarity value is lower (or higher)
than a predetermined threshold value as the low reliance area
60.

Next, the restoration unit 630 selects the restoration patch
which is same one related to the restoration unit 330 again to
the tentative patch included in the low reliance area 60 like the
restoration unit 330. Namely, the restoration unit 630 newly
selects the restoration patch again based on the sum of the blur
similarity value and the restoration similarity value in the low
reliance area 60, and updates the tentative restored image by
using the restoration patch which is selected again.

The restoration unit 630 judges the low reliance area 60,
and repeats the process for updating the tentative restored
image based on the sum of the blur similarity value and the
restoration similarity value. The restoration unit 630 outputs
the tentative restored image to the display distinction unit 640
as the restored image when a change of the tentative restored
image disappears.

Alternatively, the restoration unit 630 may output the ten-
tative restored image to the display distinction unit 640 as the
restored image when the number of update times of the ten-
tative restored image is equal to a fixed number of times. The
number of repeating times of update may be set a predeter-
mined number of times in advance. Alternatively, the number
of repeating times of update may be set based on a user’s
input.

The display distinction unit 640 gives the distinction infor-
mation which can distinguish the low reliance area 60 from
the area other than the low reliance area 60 in the restored
image to the restored image. For example, as shown in FIG.
21, the distinction information may be information which
indicates extent which is masked as the low reliance area 60 in
the restored image. A method for distinguishing the low reli-
ance area 60 from the other area is not limited to the above-
mentioned masking method. The distinction information may
be any information as, for example, information for process-
ing display method in which the low reliance area 60 can be
recognized when a user views an output unit of the display.
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FIG. 22 is a flowchart showing an example of the operation
of the image processing device 600.

As shown in FIG. 22, the tentative restored image genera-
tion unit 310 receives the input image from outside (Step C1).

The tentative restored image generation unit 310 generates
the tentative restored image from the input image (Step C2).
Specifically, the tentative restored image generation unit 310
may generate the tentative restored image like Step B2, Step
B3, and Step B4 shown in FIG. 10.

The tentative patch generation unit 320 divides the tenta-
tive restored image into blocks, and generates plural tentative
patches (Step C3).

The restoration unit 630 judges the low reliance area 60 in
the tentative restored image (Step C4).

The restoration unit 630 selects the restoration patch again
(Step C5). The restoration unit 630 repeats Step C5 to the
tentative patch included in the low reliability area 60.

The restoration unit 630 updates the tentative restored
image by using the restoration patch which is newly selected
to the low reliance area 60 (Step C6).

The restoration unit 630 judges whether or not the tentative
restored image is changed based on the newly selected resto-
ration patch to the low reliance area 60 (Step C7). When
judged that the change is performed, the restoration unit 630
newly generates the tentative patch, judges the low reliance
area 60, and repeats the process for updating the tentative
restored image (Step C3, Step C4, Step C5, Step C6 and Step
CD.

Alternatively, the restoration unit 630 may judge the num-
ber of update times of the tentative restored image based on
the newly selected restoration patch to the low reliance area
60 (Step C7). When the number of update times is equal to or
less than a predetermined number of times, the restoration
unit 630 may newly generate the tentative patch, and repeat
the process for updating the tentative restored image to the
low reliance area 60 (Step C3, Step C4, Step CS5, Step C6 and
Step C7). The number of repeating times of update may be set
a predetermined number of times in advance. Alternatively,
the number of repeating times of update may be set based on
a user’s input.

In Step C7, when judged that the change is not performed,
the restoration unit 630 outputs the latest tentative restored
image to the display distinction unit 640 as the restored
image. Alternatively, in Step C7, when the number of update
times is equal to a predetermined number of times, the resto-
ration unit 630 may output the latest tentative restored image
as the restored image.

The display distinction unit 640 gives the distinction infor-
mation which can distinguish the low reliance area 60 from
the area other than the low reliance area 60 in the restored
image to the restored image (Step C8).

The display distinction unit 640 outputs the restored image
given the distinction information (Step C9).

As described above, the image processing device 600
according to the third exemplary embodiment can suppress
the calculation cost and efficiently generate the highly accu-
rate restored image.

The reason is because the restoration unit 630 does not
select the restoration patch again to all the tentative patches
but selects the restoration patch in the only area where the
reliability is low again.

And, the user can visually recognize the low reliability area
as a degree of restoration of the image based on the image
processing device 600 according to the third exemplary
embodiment.
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The reason is because the display distinction unit 640 gives
the information which can distinguish the low reliability area
from the other area to the restored image.

<Fourth Exemplary Embodiment>

Next, a functional configuration of an image processing
device 700 according to a fourth exemplary embodiment of
the present invention will be described with reference to FI1G.
23 and FIG. 24.

FIG. 23 is a block diagram showing an example of the
configuration of the image processing device 700 according
to the fourth exemplary embodiment.

As shown in FIG. 23, the image processing device 700
includes a tentative restored image generation unit 710, a
tentative patch generation unit 720, and a restoration unit 730.
The image processing device 700 generates the restored
image from the inputted blurred image by using a dictionary
800. In addition, the tentative restored image generation unit
710, the tentative patch generation unit 720, the restoration
unit 730 and the dictionary 800 may be the same component
as the tentative restored image generation unit 310, the ten-
tative patch generation unit 320, the restoration unit 330, and
the dictionary 200 according to the first exemplary embodi-
ment.

The dictionary 800 stores two or more data of sets associ-
ating the blurred patch which is the patch ofthe blurred image
generated from the learning image with the restoration patch
which is the patch of the learning image.

The tentative restored image generationunit 710 selects the
restoration patch based on the value indicating the similarities
between the plural input patches generated by dividing the
input image from outside which and the blurred patch, and
generates the tentative restored image based on the selected
restoration patch.

The tentative patch generation unit 720 divides the tenta-
tive restored image, and generates the tentative patches.

The restoration unit 730 generates the restored image from
the restoration patch selected based on the sum of the value
indicating the similarity between the input patch and the
blurred patch and the value indicating the similarity between
the tentative patch and the restoration patch.

FIG. 24 is a flowchart showing an example of the operation
of the image processing device 700 according to the fourth
exemplary embodiment.

As shown in FIG. 24, the tentative restored image genera-
tion unit 710 generates the tentative restored image from the
restoration patch selected based on the value indicating the
similarities between the plural input patches generated by
dividing the input image received from outside and the
blurred patch (Step DO.

The tentative patch generation unit 720 divides the tenta-
tive restored image, and generates the tentative patch (Step
D2).

The restoration unit 730 generates the restored image from
the restoration patch selected based on the sum of the value
indicating the similarity between the input patch and the
blurred patch and the value indicating the similarity between
the tentative patch and the restoration patch (Step D3).

As described above, because the image processing device
700 according to the fourth exemplary embodiment can have
similar effects in the case considering the adjacent similarity
of the restoration patch in addition to the similarity of the
blurred patch, it can generate the highly accurate restored
image with reducing the calculation cost.

Next, the component of the image processing device
according to the present invention will be described for each
hardware unit.
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FIG. 25 is a block diagram showing an example of a hard-
ware configuration of the image processing device 300
according to the first exemplary embodiment and a peripheral
device.

Here, though the image processing device 300 will be
described as an example, the learning devices 100 and 400
and the image processing devices 500, 600 and 700 may be
realized by using the hardware configuration shown in FIG.
25.

As shown in FIG. 25, the image processing device 300
includes a CPU (Central Processing Unit) 1, a storage unit 2,
a storage device 3, and a communication unit 4. And, the
image processing device 300 connects to an input unit 5 and
an output unit 6.

The CPU 1 controls the entire operation of the image
processing device 300 by operating an operating system (not
shown). And, for example, the CPU 1 reads a program (for
example, a program which causes a computer to execute the
operation of the flowchart shown in FIG. 10) and data from a
non-volatile recording medium (not shown) installed in the
storage device 3, and writes the read program and data into the
storage unit 2. Then, the CPU 1 executes the various pro-
cesses as the tentative restored image generation unit 310, the
tentative patch generation unit 320, and the restoration unit
330 shown in FIG. 6 based on the read program and data.

In addition, the CPU 1 may download the program and the
data to the storage unit 2 from an external computer (not
shown) connected to a communication network (not shown).

The storage unit 2 stores the program and the data.

The storage device 3 is, for example, an optical disc, a
flexible disc, a magnetic optical disc, an external hard disk, or
a semiconductor memory, and includes a non-volatile storage
medium. The storage device 3 records the program in a com-
puter-readable form. And, the storage device 3 may record the
data in a computer-readable form.

The communication unit 4 realizes an interface between
the network and the image processing device 300. For
example, the image processing device 300 may be connected
to the dictionary 200 via the communication unit 4.

The input unit 5 is realized by, for example, a mouse, a
keyboard, and a built-in key button, and used for an input
operation. The input unit 5 is not limited to the mouse, the
keyboard and the built-in key button, but, for example, may be
a touch panel, an accelerometer, a gyro sensor, and a camera.

The output unit 6 is realized by, for example, a display and
used for confirming an output.

The above is the explanation about each component of
hardware unit of the image processing device 300.

As explained above, the block of functional unit shown in
FIG. 6 is realized by using a hardware configuration shown in
FIG. 25. However, a realization of each unit included in the
image processing device 300 is not limited to the above
description. Namely, the image processing device 300 may be
realized by using one device which is physically connected.
Alternatively, the image processing device 300 may be real-
ized by plural devices which are two or more devices physi-
cally separated and connected to each other by wire or wire-
less.

Alternatively, the recording medium (or the storage
medium) recording the above-mentioned program may be
supplied to the image processing device 300. Then, the image
processing device 300 may read the program stored in the
recording medium, and execute it. Namely, the exemplary
embodiment of the present invention includes an exemplary
embodiment of a recording medium which stores the program
executed by the image processing device 300 in a temporary
or non-temporary status.
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The program of the present invention may be a program
which causes a computer to perform each operation described
in each exemplary embodiment mentioned above.

While the invention has been particularly shown and
described with reference to exemplary embodiments thereof,
the invention is not limited to these embodiments. It will be
understood by those of ordinary skill in the art that various
changes in form and details may be made therein without
departing from the spirit and scope of the present invention as
defined by the claims.

This application is based upon and claims the benefit of
priority from Japanese patent application No. 2011-271532,
filedon Dec. 12,2011, the disclosure of which is incorporated
herein in its entirety by reference.

DESCRIPTION OF SYMBOL

1 CPU

2 storage unit

3 storage device

4 communication unit

5 input unit

6 output unit

10 learning image

20 blurred image

30 input image

31 input patch

42 tentative restored image

43 tentative patch

50 patch

51 pixels

52 pixel

60 low reliance area

100, 400 learning device

110 reception unit

120, 420 blurred image generation unit
130, 430 patch pair generation unit
140, 440 registration unit

200, 250, 800 dictionary

201 restoration patch

202 blurred patch

203, 205 patch pair

204 blur parameter

300, 500, 600, 700 image processing device
310, 510, 710 tentative restored image generation unit
311 reception unit

312 patch generation unit

313, 513 selection unit

314, 514 composition unit

320, 520, 720 tentative patch generation unit
330, 530, 630, 730 restoration unit
640 display distinction unit

1000, 2000 image processing system
W overlap area

X image

Y patch

Z pixel

The invention claimed is:

1. An image processing device, which uses a dictionary
which stores data of two or over sets which associate a blurred
patch which is a patch of a blurred image generated by blur-
ring a predetermined image with a restoration patch which is
a patch of the predetermined image; comprising:

a memory storing instructions derived from a computer

program; and
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a processor configured to process the instructions to:

generate a tentative restored image from the restoration
patch selected based on values indicating similarities
between plural input patches generated by dividing an
inputted input image and the blurred patch;

generate a tentative patch by dividing the tentative
restored image; and

generate a restored image from the restoration patch
selected based on a sum of the value indicating the
similarity between the input patch and the blurred
patch and a value indicating the similarity between the
tentative patch and the restoration patch.

2. The image processing device according to claim 1,
wherein the processor is further configured to process the
instructions to:

receive an image from outside;

generate plural input patches by dividing the received input

image into blocks;

select the restoration patch for each input patch from the

data of the sets stored in the dictionary based on values
indicating the similarities of the images between the
plural input patches and the blurred patch; and
generate the tentative restored image by composing the
restoration patch for each selected input patch.

3. The image processing device according to claim 1,
wherein the value indicating the similarity is a value calcu-
lated based on a difference of brightness value of each pixel
between the patches.

4. The image processing device according to claim 1,
wherein

the dictionary stores a blur parameter of the blurred patch

together with the blurred patch and the restoration patch,
and

the processor is further configured to process the instruc-

tions to generate the restored image from the restoration
patch selected based on a sum of the value indicating the
similarity between the input patch and the blurred patch,
the value indicating the similarity between the tentative
patch and the restoration patch, and a value indicating
the similarity of the blur parameter between the tentative
patch and the blurred patch.

5. The image processing device according to claim 1,
wherein the processor is further configured to process the
instructions to generate the restoration image by selecting the
restoration patch regarding an area in which the value indi-
cating the similarity between the tentative patch and the res-
toration patch is a value which indicates lower similarity
between the tentative patch and the restoration patch.

6. The image processing device according to claim 5,

wherein the processor is further configured to process the

instructions to distinguish an area in which the value
indicating the similarity between the tentative patch and
the restoration patch is a value which indicates that a
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similarity between the tentative patch and the restoration
patch is low from areas other than the area, and display
it.

7. An image processing method comprising:

storing data of two or over sets which associate a blurred

patch which is a patch generated by blurring a predeter-
mined image with a restoration patch which is a patch of
the predetermined image;

generating a tentative restored image from the restoration

patch selected based on values indicating similarities
between plural input patches generated by dividing an
inputted input image and the blurred patch;

generating a tentative patch by dividing the tentative

restored image; and

generating a restored image from the restoration patch

selected based on a sum of the value indicating the
similarity between the input patch and the blurred patch
and a value indicating the similarity between the tenta-
tive patch and the restoration patch.

8. A non transitory computer readable medium embodying
aprogram, said program causing an image processing device
to perform a method, said method comprising:

storing data of two or over sets which associates a blurred

patch which is a patch generated by blurring a predeter-
mined image with a restoration patch which is a patch of
the predetermined image;

generating a tentative restored image from the restoration

patch selected based on values indicating a similarities
between plural input patches generated by dividing an
inputted input image and the blurred patch;

generating a tentative patch by dividing the tentative

restored image; and

generating a restored image from the restoration patch

selected based on a sum of the value indicating the
similarity between the input patch and the blurred patch
and a value indicating the similarity between the tenta-
tive patch and the restoration patch.

9. An image processing device, which uses a dictionary
storing data of two or over sets which associate a blurred
patch which is a patch of a blurred image generated by blur-
ring a predetermined image with a restoration patch which is
a patch of the predetermined image; comprising:

tentative restored image generation means for generating a

tentative restored image from the restoration patch
selected based on values indicating similarities between
plural input patches generated by dividing an inputted
input image and the blurred patch;

tentative patch generation means for generating a tentative

patch by dividing the tentative restored image; and
restoration means for generating a restored image from the
restoration patch selected based on a sum of the value
indicating the similarity between the input patch and the
blurred patch and a value indicating the similarity
between the tentative patch and the restoration patch.
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